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Using a weather-based long-term electricity demand forecasting model, this paper primarily forecasts the
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110 2 Forecasting model consists of two econometric sub-models: annual demand growth sub-model based on economic and demographic
variables, and monthly weather-demand sub-model based on weather variables. Following the same approach used by Hyndman & Fan

g (2009), the model can be written as follows:
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CVALUATING Model Evalintion Year * A major paradigm shift that includes energy efficiency and DSM investments is needed to change KSA's high

dependency on crude oil and refined petroleum products for electricity generation.

Actual Consumption (GWh) = == End-Use Calculations (GWh) * With the power sector consuming the largest energy in the country, an optimal energy system design Is necessary
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